
1. Structural learning (B algorithm)

1.1. Population size: bisection

1.1.1. 50 successful runs
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1.2. Population size: half of bisection

1.2.1. 18 successful runs
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1.2.2. 32 unsuccessful runs
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2. Using Complete structure

2.1. Population size: bisection

2.1.1. 46 successful runs
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2.1.2. 4 unsuccessful runs
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2.2. Population size: half of bisection

2.2.1. 42 successful runs
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2.2.2. 8 unsuccessful runs
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3. Using Bivariate structure

3.1. Population size: bisection

3.1.1. 4 successful runs
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3.1.2. 46 unsuccessful runs

0 20 40 60 80 100
−140

−120

−100

−80

−60

−40

−20

0

Generations

Lo
g 

P
ro

ba
bi

lit
y

 

 

MPE

Optimum Max

Optimum Min

Best Ind

0 5 10 15 20 25 30 35 40

50

60

70

80

90

100

110

120

130

Generations

F
itn

es
s 

fu
nc

tio
n

 

 

MPE

Best Ind

0 20 40 60 80 100
0

10

20

30

40

50

60

70

80

90

100

Generations

A
cc

um
ul

at
iv

e 
E

nt
ro

py

5



3.2. Population size: half of bisection

3.2.1. 4 successful runs
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3.2.2. 46 unsuccessful runs
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